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ABSTRACT

Rouhafza, M. 2015. Incorporating operational road planning constraints into a tactical
level harvest-scheduling and road-planning model. 65pp.

Keywords: harvest-scheduling, operational road planning, simulated annealing.

At the operational scale of forest planning, the location of roads, in a complex
terrain, is a decision of major economic importance. The objective is to locate a network
of roads connecting pre-selected cut-blocks, at minimal cost, subject to a host of
feasibility constraints. The location of the pre-selected cut-blocks is a made at the
tactical level of planning, and the decision is made with relative indifference to the cost
of the connecting these blocks at the operational scale of planning. The objective of this
thesis is to design and evaluate an optimization model by which the location of an
operationally feasible road-network can be made simultaneously with the selection of
cut-block locations. The underlying assumption of this undertaking is that the optimal
locations of both cut-blocks and operational roads are interdependent

Our methods are summarized in three steps: first, an exhaustive library of candidate
roads is generated, using an operational-scale, road location model; second, a subset of
these roads is selected in a tactical planning model which optimally schedules the
harvest of cut-blocks and location and construction of roads simultaneously; and third,
the tactical solution is mapped, enabling inspection of road-locations at the scale of 50m
X 50m.

This innovative approach was tested on a portion of the Kenogami Forest, in
Ontario, and the results demonstrate its feasibility and ability to reduce road-
construction costs. We conclude that the approach is useful for three reasons: first, it
can reduce the total cost of constructing a road-network; second, it facilitates innovation
in tactical planning by making operational road-location planning methods relevant to
tactical level modeling; and finally, it can be practiced on large forests.
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1. Problem Defined

Over the last 15 years, many innovations in planning roads at the operational
level have occurred in the field of computerized optimization techniques. Increasingly
sophisticated models, search algorithms, and remotely sensed data, have been used to
produce road-network plans that satisfy more realistic horizontal and vertical constraints
on road allocations (see Akay et al., 2013, for a complete review of these innovations).

Comparable progress has not occurred in planning roads at the tactical level.
Our Review of the Literature (below) on tactical planning model supports this statement.
This lack of progress in the improvement of models used to plan for roads at the
tactical scale has resulted, in part, from the computational challenge inherent in
searching for solutions to the integrated harvest-scheduling and road building model;
for, the spatially explicit harvest-scheduling model requires binary decision-variables,
and is categorized as NP-hard; i.e., the computing time required to solve this model
increases exponentially with the increases in the number of decision variables (Murray
and Church 1995). This property of the model entails that the search space, for even
medium-sized problems, is huge; and that an efficient search for an optimal solution
cannot afford to be slowed by iteratively computing operationally feasible roads
constrained by complex vertical and horizontal constraints.

The challenge to incorporating optimal road locations into a tactical planning

model, has presented the planner with two alternatives:



A. Use a small set of candidate roads whose costs and operational feasibility have
been empirically verified. This alternative sacrifices optimality for feasibility; for
a large set of candidate roads is needed in order to optimize a selected road-
network location (Stuckelberger et al. 2007). In addition, this alternative is often
too expensive for very large forests.

B. Use a set of roads whose costs and operational feasibility are approximations.
This alternative poses two risks: first, approximations risk misrepresenting the
costs of roads; and second, the locations of cut-blocks themselves can be located
sub-optimally in relation to a feasible road-network. Both risks can occur when
the approximations of road costs do not adequately represent variation of road

costs resulting from a complex topography.

In evaluating the above two alternatives, it should be borne in mind that: the optimal
locations of both cut-blocks and roads are interdependent. Given this interdependence,
the quality of the entire tactical solution is dependent on the quality of the road data

used.



2. Objectives

In this thesis, we propose a third alternative to the problem of searching for
optimal road locations in a tactical planning model. Our objective is to design and test a
new tactical level planning approach that will allow for the simultaneous and optimal
selection of both: a) cut block locations and b) road network locations that satisfy

operational-scale modeling constraints.
The approach is divided into three steps.

1. First, a large library of roads connecting all pairs of candidate cut-blocks is
generated using a shortest-path algorithm modified such that the path
connecting any pair of cut-blocks is subject to vertical and horizontal
constraints measured at a scale commonly found in operational level
planning. This pre-processed library of roads contains two parts: i) the cost
of each road between all pairs of candidate cut-blocks; and ii) the actual path,
i.e., set of road-links (or arcs) connecting all pairs of candidate cut-blocks.

2. Second, a tactical level planning model of the integrated harvest-scheduling
and road-building model will be formulated and built. In such a model, the
objective function is to maximize harvest revenue minus road-building costs.
The road-building costs are input into this model from the pre-processed
library; i.e., the cost of each road between all pairs of candidate cut-blocks.

The model is then solved.



3. Third, the solution is assembled. This entails mapping the set of cut-blocks
and road-links selected in the optimal solution. The detail and operational

feasibility of the mapped roads are selected from the pre-processed library.

In this way, the tactical model can select highly detailed operational roads without
slowing its search for an optimal solution, by iteratively generating these roads. The
result is a tactical planning solution where a schedule of cut-blocks is joined by a road-
network designed to be feasible by operational planning standards. In addition, since the
tactical model draws from a large library of candidate roads, the problem of optimal road
network location is also solved; for the optimal location of a road network is possible

only when an exhaustive set of candidate roads is evaluated in an optimization model.



3. Significance

This thesis is significant for several reasons:

1.

First, this work is innovative. The literature review shows that no other
published work has used this proposed approach to tactical planning. In
section 4.3 of this thesis, entitled, Summary of Literature (see below) the
nature of this innovation will be reviewed in detail.

The second reason for the significance of my work is economic. Bjorndal et
al. (2012) estimated that road-constructions costs comprise 40% of the total
cost of forest operations. Hence, a tactical planning approach that facilitates
an improvement in the optimal location of cut-blocks, with regard to
minimizing their construction costs at the operational scale, can lead to the
reduction of a major cost in forest operations.

A third reason for the significance of this work is that it is practical, i.e., it
can be used on large forests managed in the real world. Since many of the
commercial software packages used to solve real-world tactical planning
problems use meta- heuristic search algorithms (e.g., Patchworks®,
Woostock-Stanley®™) the approach developed in this thesis will also employ a
meta-heuristic search algorithm. Hence, our innovation will not be restricted
to impractical, small-sized problems.

A final reason for the significance of my proposed work is that it provides the

foundation for innovation in tactical planning. The proposed planning



approach can draw from the best operational road building models that have
been developed over the last 15 years, thus facilitating a wealth of future

refinements in the integrated harvest-scheduling and tactical planning model.



4. Literature Review

The literature review has been divided into two parts. The first part is a review
of the road-building models used at the operational scale of forest planning. The second
part is a review tactical optimization models that have integrated both the harvest-

scheduling and road-building problem.

4.1 Part I: Road Location Models at Operational Scale

The literature on forest road planning can be divided into three areas of study:
location, design, and construction (Tan 1992). In this thesis, we are concerned with the

problem of road location, and therefore confine our review to this topic.

Road location is concerned with finding the least cost route for a road, or road
network, subject to a set of design constraints. Design constraints are generally divided
into two groups: geometric and environmental (Akay et al, 2013). The geometric
constraints may include maximum road grade, minimum curve dimensions for both
vertical and horizontal curves, and minimally safe stopping distance. The environmental
constraints include minimum road-grade for drainage, optimal stream-crossing angle,
and maximum cut and fill slope-ratio for stability (Akay ef al. 2013, Kramer 2001). In
order to satisfy vertical constraints, contour maps or digital elevation models are used,
and the set of candidate road-links must be short-enough to avoid crossing multiple

contours. Hence, optimizing the road location problem requires that a large number of



alternatives be examined at a spatial scale suitable to operational feasibility
(Stuckelberger et al. 2007). Computer-aided analysis has proven to be highly useful in

serving this end (Akay et al. 2013).

Computer-aided analysis of operational road location dates back to the 1970’s when
shortest path algorithms were first combined with digital elevation models to locate
individual roads (Turner 1978). Research using computer optimization techniques to
solve the road location problem has since expanded, owing to advances in computing
hardware, optimization algorithms, and remote sensing technologies (Shirasawa 2014).
Many optimization techniques have been used over the last few decades, and the review

of this research will be divided by the type of optimization technique used.

4.1.1 Integer Programming

The forest road location problem has been modeled as a binary integer
programming model by Murray (1998). A graph containing 64 nodes was used, and a
subset of these nodes was used to represent harvest blocks on a planar surface. A
minimal cost Steiner tree was constructed to connect terminal nodes to a road network
and a point of entry in the forest. The Steiner tree problem is a variant of the minimum
spanning tree problem; i.e., given an undirected graph, G = (N, A) of nodes and arcs, a
subset of nodes (called terminal nodes) must be connected forming a minimal cost tree.
The difference between the minimum spanning tree and the Steiner tree is that,
optionally, some nodes that are not terminal nodes may also be selected as part of the
Steiner tree, should their inclusion lead to a lower cost tree than is possible with the

strict minimum spanning tree. The major disadvantage of using a Steiner tree model that



it can be solved exactly on only small problems, since the Steiner tree problem is NP

hard.

Najafi and Richards (2013) presented a more complex integer programming
formulation of the road location problem. They too constrained the road network to be a
Steiner tree, and their objective function was to minimize the total cost of road building,
skidding, transportation and maintenance over one period. They used a real dataset in
Iran containing 252 harvesting sites, 883 potential skidding spurs, 440 road segments,
and incorporated slope values into road segment cost. Using the branch and bound

algorithm, their model yielded good results in reasonable computing time.

4.1.2 Dynamic Programming

Tan (2000) developed a dynamic programming procedure, integrated with a spatial
database and transport network models, which was designed to assist planners in
determining the optimal location for a forest road and an entire road network. The
procedure was tested using data from a practical road planning project, on a gridded
forest comprised of 2,196 cells. Tan (2000) concluded that excessive computing time
using the dynamic programming method on large problems is a limit on its

practicability.

4.1.3 Meta-heuristics

Meta-heuristics are iterative search algorithms which do not guarantee finding an

optimal solution. The usefulness of meta-heuristic algorithms has been in finding good
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solutions to large integer programming problem instances. Chung and Sessions (2001)
used both a genetic algorithm and simulated annealing to locate a forest road network.
Locations were based on road standards, timber harvesting and transportation costs, and
topographic conditions. In their approach, the main access road was located first (and
built to a high standard) and then single stand access roads (built to lower standards)
were located as branches. Optimization of main access roads was accomplished using a
genetic algorithm; and the optimization of single access roads was performed by
simulated annealing. The model was tested on a small area (625 ha), using 25m x 25m

grid cells.

Akay (2004) integrated simulated annealing with linear programming to optimize
the location of a single forest road. Simulated annealing was used to search for a path of
optimal vertical alignment while linear programming was used to balancing the path’s
cut and fill. This method was developed to provide a road planner with a rapid

evaluation of alternatives to designing a single road.

Meignan et al. (2012) used a greedy randomized adaptive search procedure
(GRASP) to select a set of road locations to minimize harvesting and construction costs.
The problem was modeled as a P-Forest problem; i.e., a type of facility location
problem. They examined the trade-off between road-building versus harvesting costs;
i.e., they quantified how much the density of a road network reduces harvesting costs but

increases the road building costs.
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4.1.4 Heuristics

Heuristic techniques are repetitive search procedures where an improved solution is
derived from the current solution by executing a “rule of thumb” procedure based on
experience or empirical rules. Heuristics have been used extensively in solving the

forest road location problem.

Dean (1997) introduced three different heuristics for forest road location problem.
They compared the results of three heuristics to the optimal result obtained by complete
enumeration. The heuristics were not constrained by vertical road design constraints.
Chung et al. (2008) designed a specialized heuristic for locating a road network subject
to a standard set of vertical and horizontal constraints. The model was applied to a
forest of 4,760 ha and evaluated by comparing its solution with a manually developed
road network. Shirasawa (2014) exhaustively reviewed 14 different heuristics for
locating a forest road network. Many of these heuristics were originally designed to
solve the minimum Steiner tree problem. These heuristics were tested on 1,120 problem

instances and evaluated by the criteria of execution time and solution quality.

The shortest path algorithm is a heuristic used to find the shortest cost path between
two points on a weighted graph of vertices and edges. Its execution time is relatively fast
(i.e., execution time increases linearly with problem size) and its use guarantees a
mathematically optimal solution. The shortest path algorithm was developed by Dijkstra
(1959) and has been used extensively to locate individual forest roads since the 1970’s

(Turner 1978).

More recently the shortest path algorithm has been used extensively to locate

multiple roads for the purpose of designing a least network of forest roads. Liu and
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Sessions (1993) used the shortest path algorithm for this purpose, and their approach
was comprised of four steps. First, all candidate road- links which had undesirable
slopes, or were passing through undesirable areas, were eliminated from the study area;
second, the costs of eligible road-links were estimated as a function of road building,
maintenance, and transportation costs. Third, a road network was assembled using: i) a
shortest path algorithm to locate individual roads, and i1) a road-network algorithm to
connect individual roads into a least cost road network. The two algorithms were
combined into a software package called NETWORK II (Session 1987). In the last
step, results were illustrated on the map. The model was tested on a small area (480 ha)

divided into 25m x25m grid cells.

Tan (1999) also used the shortest path algorithm to design a network of roads. A
specialized heuristic algorithm was designed to minimize the total cost of road
construction, wood extraction, and wood transport in a forest road network connecting a
set of pre-selected cut-blocks. In this approach, the specialized heuristic constructed the
road network from a set of individual forest roads whose locations and costs had been

pre-processed using a shortest path algorithm.

Anderson and Nelson (2004) enhanced the flexibility of using the shortest path
algorithm in locating a network of forest roads by adding a set of penalty weights to the
search algorithm in order to satisfy vertical and horizontal constraints on road alignment.
Their shortest path algorithm was used on a 50m X 50m grid to connect a set of landing
points in a 7,500 ha forest in British Columbia. Extensive sensitivity analysis was
performed to demonstrate how multiple planning alternatives can be explored using a

shortest path algorithm directed by multiple penalty functions.
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Stuckelberger et al. (2007) used a shortest path algorithm with penalty functions to
satisfy vertical and horizontal road constraints in a manner similar to Anderson and
Nelson (2004). They also explored the effects of using the minimum spanning tree and
Steiner tree heuristics in: a) connecting a set of pre-selected cut-blocks, using b) roads
generated with the shortest path algorithm, to form c) a least cost network of forest

roads.

4.2  Part II: Integrated Tactical Planning Models in Forest Management

During our literature review, over 50 papers describing tactical forest planning
models, published since the year 2000, were found. Most of the papers, however, did
not present models that integrated road-building with spatial harvest-scheduling.
Instead, these models were formulated to schedule only cut-blocks. Since they did not
describe integrated models, they are excluded from the literature review.

The review of literature on the integrated harvest-scheduling and road-building
models is divided into two parts: 1) models producing exact solutions to the integrated
model; and ii) models producing approximate solutions through the use heuristic

algorithms.
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4.2.1 Part I: Exact Approaches

The original formulations of the integrated model used a mixed integer linear
programming approach. Weintraub and Navon (1976) formulated the problem as a
mixed integer programming model in which continuous variables were used to represent
the volume harvested from forest strata, and binary variables were used to represent the
construction of roads. Flow constraints were also used at each node in the road network
to measure and minimize the cost of transporting harvested wood through the
constructed road network over time. The model was tested on a hypothetical forest
containing 256 decision variables, 24 of which represented binary road variables. The
authors compared their integrated approach with a sequential approach and found that
the integrated approach yielded an improved objective function value by 7%. Kirby et
al. (1986) also formulated the integrated model as a mixed integer programming model
in a manner similar to Weintraub and Navon (1976), but with additional refinements on
modeling the road network. They applied their model to a problem in northern
California and observed a 21% decrease in road-building costs compared to the
sequential approach. Weintraub et al. (1994) later developed an LP-based heuristic to
solve the integrated problem modeled as a mixed integer programming model. Error
bounds in relation to the LP relaxation varied from 5.5% to 27%. An extension of this
heuristic was further developed by Weintraub et al. (1995) to include adjacency
constraints.

Nelson and Brodie (1990) were the first to formulate a spatially explicit integrated
model in which both road and cut-block variables were constrained to be binary. This

approach enabled the addition of adjacency constraints to the model. Guignard et al.
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(1998) applied innovative techniques to improve the efficiency of solving the spatially
explicit integrated model. They improved the efficiency of the search for an optimal
solution by adding logical inequalities, lifting inequalities, and prioritizing the variables
for branching based on contracting properties. Andalaft et al. (2003) formulated a
spatially explicit integrated model and used several strategies to improve upon the
computational time needed to arrive at good solutions. These strategies included
strengthening the model, lifting constraints, and Lagrangian relaxation. Andalaft et al.
(2003) were able to solve problems containing up to 1,700 binary variables to within

2.3% of the optimal.

4.2.2 Part II: Metaheuristic Approaches

Significant advances have also been made in modeling the road-building portion of
the integrated problem using purely heuristic or meta-heuristic approaches. Exact
formulations of the integrated model had simplified the road network location problem
by using broad branching structures and a restricted subset of candidate routes for each
cut-block. Clarke et al. (2000) improved upon this by modeling the road-building
problem as a minimum spanning tree and integrating it with a multi period harvest-
scheduling model using a three-stage heuristic. Similarly, Richards and Gunn (2000,
2003) modeled the road-building problem as a minimum Steiner tree and integrated it
with a tabu search meta-heuristic for solving the integrated model.

The modeling approaches of both Clarke ef al. (2000) and Richards and Gunn

(2000, 2003) allowed for a dense network of candidate roads, from which to select a
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road network which is also tree, i.e., a minimal cost graph connecting all cut-blocks.
These two approaches also nested road-building heuristics within the iterative search for
an optimal harvest-schedule. That is, at each iteration: i) a new candidate solution, i.e., a
harvest-schedule, was produced; ii)) a road network was then built to service this
schedule of harvests; and iii) the objective function value the candidate solution was
calculated as the harvest-revenue minus its road-building costs). In order for the
iterative search algorithm to sample the solution space adequately, many iterations are
required. Hence, the road building heuristics must execute quickly. Since the execution
time of a highly detailed road location model, used at the operational scale, is too slow
for the iterative search algorithms used in tactical planning models, therefore operational
scale road location models have not been incorporated in the iterative search models

used at the tactical scale.

4.3 Summary of Literature Review

In our review of road location models used at the operational planning scale, we
have observed that an optimal road network is selected:

a) from a large set of candidates road-links;

b) at an operationally feasible spatial scale;

¢) inorder to meet a set of vertical and horizontal constraints.

In the review of the integrated tactical planning models we have observed that
neither the exact nor the iterative heuristic approaches have been able locate roads with
the same level of detail. Exact approaches are constrained from doing so because of the

number of binary decision variables required; and iterative heuristic approaches are
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constrained from doing so because the computing time required to produce an
operational road network, at each iteration, would slow the search and therefore reduce
its effectiveness.

Hence, this review of the literature not only reveals the innovation of our proposed
approach, but also, its justification. For, by pre-processing the candidate roads, a
heuristic road construction algorithm need not be nested within the tactical model’s
meta-heuristic search.  Pre-processing candidate road locations thus allows for
computationally feasible solutions to be found in problem instances of the integrated
harvest-scheduling and road-building model—where the selected road network is:

a) optimally located in relation to the harvest-schedule; and

b) planned at a level of detail comparable to that produced by operational-scale

road location models.
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5. Methods

Our proposed approach is divided into three parts (see Objectives, above). We

shall now review each part of this approach in detail.

5.1 Part I: Generating a Library of Candidate Roads

The approach to generating a library of roads is based on the operational scale
planning approach developed by Anderson and Nelson (2004) and Stuckelberger ef al.
(2007). To generate this library, we first constructed a map comprised of three layers.
The first layer represents water bodies and forest polygons. Each forest polygon
contains a particular stand type, age, and yield curve. The second layer is a digital
elevation model of the forest. The third layer is a graph comprised of a set of vertices
and edges, where each edge represents a candidate road link.

The graph will be built in three steps. First, a squared grid with a 50m x 50m
resolution is constructed. At the centre of each of the cells within this grid we locate one
vertex. The edges emanating from each vertex and connected to neighbouring vertices
represent candidate road-links. The number of edges increases the flexibility of
designing a road network. In this work, we use sixteen edges to emanate from each
vertex and connect to the sixteen nearest adjacent vertices (see Figure 1 below). The
approach to designing a set of candidate forest road-links, illustrated in Figure 1, has

been used by Epstein ef al. (2006) and Stuckelberger et al. (2007).
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Figure 1: Network representation of sixteen candidate road-links emanating from each

vertex on a S0m X 50 m grid.

The second step taken in constructing the graph was to remove some of the edges.
All of the edges that cross lakes, rocks, or other infeasible areas for roads were
eliminated. Next, we identified one vertex within each forest polygon that would serve
as the landing. That vertex is used to represent a landing was that found on the largest,

flattest terrain within a forest polygon.

The final step taken in constructing the graph is to assign costs, or weights, to
each edge. The cost assigned to each edge is a function of: a) distance; b) slope; and c)
type of area covered (e.g., stream, soil type). Having completed these steps, a directed

graph with non-negative weights was prepared for generating a library of shortest paths.

Dykstra’s (1959) shortest path algorithm was then used to find all pairs of shortest
paths. This search algorithm was subject to a set of constraints and penalties designed to

maintain the following road standards:
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1. Favourable grade: limit and penalize steeper grades (maximum of 15%).

2. Abrupt grade change: limits and penalizes abrupt changes in grade (% grade
change per horizontal distance).

3. Radius of curve: limits and penalizes abrupt changes in horizontal
alignment. See Anderson and Nelson (2004) for details on this road standard.

4. Minimal stream-crossings: penalizes links that cross streams

5. Minimal switchbacks: penalizes switchbacks.

The search algorithm is adapted to satisfy road building standards by the
determination of the weights assigned to each edge. First, any edge which violates the
above-listed “limits” on road standards are simply removed from the graph before the
search algorithm is executed. Second, any edges which did not violate limits, but
deviated from a target value, have their weight incremented by a penalty value linearly
proportional to the deviation from the target value. For example, suppose edge A has a
cost of $100 (based on distance) and that it violated a flat slope by 5 degrees. If the
penalty function used to adjust an edge’s weight for violating a slope constraint were
0.1 for every degree of violation, then penalized weight of edge A becomes 5*0.1 ($100)
+ $100 = $150. The use of multiple weights in this modeling approach is designed to
assist the model’s user in satisfying multiple road design objectives that may conflict

and to allow fine-tuning of the actual cost estimates of roads.
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5.2 PartII: Tactical Planning Model

Having built the library of candidate roads, we then formulated and built an integrated

harvest-scheduling and road building model. The model formulation is presented below:

Indices and Sets

k, K = indices and set of blocks

i, j, I =indices and set of nodes

A = set of terminal nodes

t, T =indices and set of time periods

B = set of blocks not eligible (by age) for harvest in period t

M = set of existing terminal nodes in the road network when connecting block k to

the road network

Nk = set of terminal nodes inside block k

Or = is the set of stands, including stand k, that are harvested during period t and
are included in the same opening as stand k (i.e., contiguously connected to stand k)
P, = set of existing periods equal to or less than t

Parameters

APC; = allowable periodic cut in period t (m°).

Vit = volume harvestable from block, k, period t (m°) .
Cijt = discounted cost of building a path from node i to node j in period t (3)
it = discounted revenue from harvesting block k in period t ($).

a = area of stand k (ha)
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Onax = the maximum opening area for harvest blocks (ha)

Decision Variables

Xkt = [ if block k is harvested in period t, 0 otherwise
Vijt = 1 if path from node i to node j is built in period t, 0 otherwise
H; = total volume harvested in period t (m’)

Objective function:

Maximize net present value (discounted revenue — discounted cost)

[1] Maximize Z Z Tht Xt — Z Z Cijt Vijt

KEK teT {,JEA tET
Subject to:

Each block may be harvested once during the planning period:

2] ZxktS1 VkeK

teT

Defining the blocks which are not eligible for harvesting (by age) in each time period:

The opening size in each period should not exceed the maximum opening size:

[4] zxktakSOmax VkeEK,teT

kEOkt
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Accounting variable defining the total volume harvested in each time period:

[5] thzxktvkt VteT

keEK

Volume harvested in each period should not exceed the target volume for that period:
[6] H, < APC, VteT

If a block is harvested in period t, a path connecting this block to an existing terminal

node in the road network should be built:

[7] Z Zyijthkt VkeK,teT

iEN) JEM)

Road building and harvest scheduling variables are binary:

[8] Xk: € {0,1} VkeEK,teT
[9] i €{0,1} VijEALtET

Volume harvested in each time period is greater than zero:

[10] H,>0 VteT

Solving the Integrated Model
We used a meta-heuristic algorithm, simulated annealing (Kirkpatrick 1984), to find an
optimal solution to the integrated harvest-scheduling and road building model. This

search algorithm has been used extensively in solving the harvest-scheduling model
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(Bettinger and Chung 2004) since its first application to the problem in 1993
(Lockewood and Moore 1993). We adapted the algorithm to the tactical planning model

in order that it execute as follows:

1. Generate and initial feasible solution, S, which represents a set of polygons to be
harvested over multiple periods. (Note: S does not include any decision-variables
representing road-links).

2. Calculate the objective function f(S) by: use a road building heuristic to generate
a minimal cost road network required by S, and subtracting the cost of this road
network from the revenue of S.

3. Get an initial temperature, 7, and a reduction factor, », with 0 < r < [.

4. While T is not frozen:

1) perform the following loop nrep times:
a. pick a random neighbour, S’ of S
b. if " is feasible, let delta = f(S’) — f(S)
c. ifdelta > 0,set S =§"
d. if delta < 0, set S = S’ with probability e ~dclta--T

i) set T =rt.

We defined a neighbour of S to be any solution arising from the following operation:
i.  Randomly select any binary decision variable x;; from the current solution, S.
. Ifx;=0, letx;=1;and

1. Ifx;=1, let x; = 0.
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Note that the simulated annealing algorithm does not search directly for a least-cost road
network; it searches directly for an optimal set of polygons to harvest over time, S. The
road-network required by S is found using a deterministic heuristic algorithm. Since the
objective function, f(S), equals the revenue from the harvest minus the cost of the road-
network, the road network: a) directly affects the objective function value; and therefore,
b) indirectly affects the search for an optimal solution to the model.

Since the heuristic algorithm used for building a road-network is nested within
the simulated annealing search algorithm, it is required that its execution-time be fast, in
order that the solution space for tactical problems be sufficiently explored. In this paper,
we therefore experimented with two heuristic algorithms to build the road network:

1. the minimum spanning tree algorithm (Prim 1957), which connects all
scheduled cut-blocks, along with the forest’s point of entry, at minimal
cost; and

ii.  the shortest path with origin heuristic (SPOH) (Takahashi and Matsuyama
1980), which constructs a tree that consists of shortest paths from the
forest’s point of entry to all other terminal nodes, i.e., scheduled cut-block

landings.

Repairing the Road-Network

We originally wanted to build the road network as a Steiner tree, but could not find a
heuristic to do this with sufficient speed of execution. We experimented with a Steiner
tree heuristic called shortest path heuristic (SPH) (Takahashi and Matsuyama 1980,
Winter and Smith 1992), but concluded (perhaps prematurely) that its execution time

would be impracticably slow on large, realistic problem instances. Nonetheless, given
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the objective of minimizing road-building costs, we remained interested in representing
the road network as a Steiner tree; and therefore added a fifth step to our algorithm for
solving the tactical planning model:
5. After T is frozen:
a. Set the forest’s point of entry, and all nodes representing the landings of
polygons selected for harvest in S, as terminal nodes.
b. Using data from the pre-processed library, connect all terminal nodes, to
form a minimal cost Steiner tree using the shortest path heuristic. The
expansion of the tree will be periodic, i.e., each polygon scheduled for

harvest must be connected to this tree within the period of its harvest.

53 Case Study: Kenogomi Forest

Our modeling approach was tested on portion of the Kenogomi Forest, located in
the boreal forest of Ontario, Canada (see map in Appendix I). The area used in our
model was 22,500 ha, divided into 500 polygons, ranging in size from 20 to 60 ha. Each
polygon contained one of six different yield curves, and ranged in age from 14 to 210
years. The forest contains several rivers and small lakes; and the terrain is uneven, with
elevations of merchantable wood ranging from 190 to 580 metres above sea level.

The minimum rotation age for each stand was set at 70 years. Revenues varied as
a function of log diameter: $75 per m> (ages 70 to 120 years), $90 per m® (ages 121 to
180 years), and $110 per m® (ages greater than 180). Unadjusted road-building costs

began at $30,000 per km. Adjacent cut-blocks were defined as blocks sharing a



27

common boundary, and the maximum allowable area of a cut-block was limited to 260
ha.

The model was written in the JAVA programming language and executed using
an Intel® Xeon X5650 hex-core processor (2.66 Ghz), 96 gigabytes of RAM, and a

CentOS 5.5 operating system.
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6. Results

Results from Pre-Processing Candidate Roads using Shortest Path Algorithm

The first set of results concerns the first step of our approach: pre-processing a
library of roads. For a forest of 500 cut-blocks and one entry-point, 125, 250 candidate
road-links were constructed. The mean number of nodes per road was 19, and the total
number of nodes used in all roads was 27,209,554.

The shortest path algorithm used to generate the library of candidate roads was
tested by examining its output to ensure that it followed the vertical and horizontal
constraints listed in the Methods. For example, in Figure 2 we observe one road
generated by the shortest path algorithm. Here, we observe the 50m X 50 m resolution
(represented by the gridded dots) and the shortest path between two landings (on
separate green polygons). Observe also that the road:

a) does not violate a gradient constraint of 15% (given the contour interval is

10m);

b) avoids the penalty-cost of crossing a stream; and

c) does not violate the radius of the curve constraint.

In Figure 2, one can also observe that the pre-selected landing points are not in
ideal locations; i.e., on large and flat areas. In practice, a forest-engineer would pre-

select these locations.
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Figure 2: Example of pre-processed road generated using shortest path heuristic. The
shortest road connecting two candidate landings is subject to horizontal and vertical
constraints. This is a sample drawn from the 125,250 roads generated for the library of

candidate roads.

Results from Tactical Planning Model
The next results are from the tactical planning model. Figure 3 illustrates the
progress of the simulated annealing algorithm’s search for an optimal solution, over

time, when it had the minimum spanning tree (MST) roading heuristic nested within it.
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Figure 3: Progress of simulated annealing search algorithm with minimum spanning

tree heuristic nested within it.

Figure 3 reveals that most of the progress in maximizing the objective function
was made through increasing revenue, and that relatively little progress was made in
minimizing road costs. One can also observe that the total computing time slightly
exceeded 3,000 seconds and the average number of solution permutations evaluated per
minute was 1.3 million.

Figure 4 illustrates the progress of the simulated annealing algorithm’s search for

an optimal solution, over time, when it had the SPOH roading heuristic nested within it.
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Figure 4: Progress of simulated annealing with the SPOH roading heuristic nested

within it.

In Figure 4, one can observe that, with the SPOH algorithm nested within the
tactical model’s search algorithm, much greater progress was made in reducing road
costs as the search for an optimal solution progressed over time. One can also observe
that the execution time of the tactical model with the SPOH roading algorithm
concluded after 200 seconds and was able to evaluate, on average, 14 million
permutations per minute. In other words, the SPOH roading algorithm executed almost

11 times faster than the MST roading algorithm.
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Results from Algorithm used to Repair the Road Network
After the tactical model was run, we executed an SPH heuristic connecting all of
the cut-blocks scheduled for harvest into a Steiner tree. The SPH algorithm can
improve upon the results of the MST and SPOH algorithms in minimizing road network
construction costs because:
a) The SPOH and MST algorithms can construct a road network only by
connecting roads to existing landing points;
b) The SPH algorithm has greater flexibility in building a road network because
it is not constrained to connect a road only to an existing cut-block, but can

also connect a road to any node on an existing road.

An example of the output from our SPH algorithm is illustrated in Figure 5.
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Figure 5: An example of the road-building resulting from the SPH algorithm.

In Figure 5, one can observe how a block scheduled for harvest in period 2 was
connected to a road built in period 1. Unlike the roading algorithms MST and SPOH,
where new roads can only be connected to scheduled landings, the SPH algorithm
allows a new road to be connected to any point along an existing road. This point of
connection is referred to as a Steiner point. The overall effect of using the SPH
algorithm on the solution generated by the tactical planning model is a reduction in total

road network costs (see Table 1).
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Table 1: The reduction in road construction costs from repairing the road-networks

generated using the SPOH and MST heuristics, respectively.

SPOH MST
Road Cost Before Repair ($) 3,249,769 3,378,133
Road Cost After Repair ($) 1,752,866 2,943,888
Cost Saving (%) -46.06% -12.85%

Results from Comparing Sequential versus Simultaneous Approach

We also compared the simultaneous versus sequential approach to scheduling
cut-blocks and roads in tactical planning. In the simultaneous approach, the scheduling
and locations of cut-blocks and roads is optimized simultaneously in a model’s objective
function. In the sequential approach, the schedule and locations of cut-blocks are first
optimized; and then, given a fixed location and timing of cut-blocks, an optimal road
network is designed. Given that the optimal location and scheduling of cut-blocks is not
independent of the optimal location of a road network, we know, a priori, that the
sequential approach is inferior to the simultaneous approach. In our results, we would,
therefore, like to quantify this difference.

Table 1 summarizes the solution values generated using different roading

heuristics (i.e., SPOH and MST) in a model that simultaneously schedules blocks and
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roads versus a sequential approach to scheduling--where simulated annealing was first

used to schedule blocks and then SPH was used to design a least-cost road network.

Table 2: A comparison of solution values generated using different roading heuristics

within the tactical planning model.

Discounted Discounted Objective Function
Roading Heuristic Revenue ($) Road Cost Value
® ®
MST 21,973,262 2,943,888 19,029,373
SPOH 20,795,286 1,752,866 19,042,419
Sequential 22,308,003 3,885,261 18,422,742

Table 2 provides several interesting observations. First, we observe that the
objective function values of the solutions found using SPOH versus MST differ very
little; but, when I looked at the components of the objective function values, namely,
revenue and road cost, I observed two very different strategies used in arriving at the
same objective function value: the MST solution had a higher road cost than SPOH
(40% higher) and it had a higher revenue than SPOH (5.4% higher). A second
observation we could draw from Table 2 is that the sequential approach produced a
solution with the highest revenue. This is not surprising because the search for an
optimal set of revenue-generating cut-blocks to schedule was not constrained by road-

building costs. The road-building costs incurred by the sequential approach’s schedule
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of harvests were 24% and 55% higher than the road-costs of solutions found using MST
and SPOH respectively. This relatively high road-cost incurred by the solution generated
using the sequential approach caused it to have a lower objective function value than

solutions generated using SPOH and MST (more than 3% lower).

Results from Mapping the Solutions
The next set of results come from step 3 of my approach: assembling the
solution on a map. The two-dimensional maps for solutions generated using the MST,

SPOH, and sequential approaches are presented in Figures 6, 7, and 8, respectively.
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Figure 6: Map of solution generated using MST heuristic within tactical model
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Figure 7: Map of solution generated using SPOH heuristic within the tactical model.
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Figure 8: Map of solution generated using sequential approach.
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We have several observations from Figures 6 through 8. The first observation is that the
solutions do not appear to violate any spatial constraints (observable in two-dimensions).
For example, in each of the maps:

a) the road network is a tree (i.e., a connected graph containing no cycles);

b) the road network is a Steiner tree (i.e., selected roads connect to nodes other than

terminal nodes, i.e., landing-nodes);

c) the cut-block opening limit of 260 ha is not violated;

d) the road network does not to cross streams with indifference to penalties; and

e) the roads do not violate horizontal constraints (except at the conjunction of two

roads which was not constrained).

A second observation we could make from Figures 6 through 8 is that the
solution generated using the SPOH heuristic was much more compact than the solutions
generated using the MST heuristic and the sequential approach. The dispersal of the
scheduled blocks resulting from the sequential approach is not surprising; for the
selection of block locations is not constrained by road-costs. The dispersal of the blocks
resulting from the use of the MST heuristic appears to have arisen from the tactical
model’s search making much progress on maximizing revenue and little progress on
minimizing road-costs (recall Figure 3, above). The compactness of the solution arising
from the use of the SPOH heuristic arises from the nature of its search—to construct a
tree that consists of shortest paths from the forest’s point of entry to all other terminal

nodes, i.e., scheduled cut-block landings.
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Results from Transportation Costs

A third observation we could make, from Figures 6 through 8, is that the
dispersal of the scheduled cut-blocks had important implications not only for road-
construction costs, but also for transportation costs. Using the parameter of $0.30 per
m® per km, we calculated the different transportation costs implicit in the solutions

generated using the MST and SPOH heuristics (see Table 2).

Table 3: Transportation costs implicit in solutions generated using the SPOH versus the

MST heuristics in the tactical model (at $0.30 per m? per km).

MST SPOH Sequential

Discounted Transportation
1,282,618 559,501 1,693,121
Cost ($)

Table 3 reveals that the transportation costs implicit in the solution generated
using the MST heuristic are 216% greater than the transportations costs implicit in the
solution generated using the SPOH heuristic. ~ Although the minimization of
transportations costs is not included in the tactical model, the results in Table 3 indicate
that the SPOH, because of the nature of its search, indirectly reduces transportation
costs; whereas the MST heuristic, being indifferent to the location of the forest’s point of

entry, is not equally effective in minimizing transportation costs.
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Results from Three-Dimensional Mapping

Our final set of results also concerns the mapping of the solutions. Since the
road network of each solution was constrained by both horizontal and vertical
constraints, useful inspection of the solution could occur through three-dimensional
mapping of the solution generated using standard G.I.S. software. For example, Figures
9 and 10 illustrate, using three-dimensional mapping, the solutions generated using the

MST and SPOH algorithms, respectively.
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Figure 9: Road network generated using the MST heuristic in the tactical model.



44

Water bodv

Roads built in period 1

Roads built in period 2

Roads built in period 3

High: 574.77

Yalue

Elevation

Low : 191,897

Figure 10: Road network generated using the SPOH heuristic in the tactical model.
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Figures 9 and 10 do not adequately represent the level of detail with which one could
inspect the solutions generated using the tactical model; for, in practice, the solutions
mapped in three dimensions would be inspected using G.I.S. software, which allowe one
to zoom into an area of interest and examine it from more than one angle.

The inspection of detailed road-planning in tactical solutions, thus facilitated by
our approach, was designed to bring tactical plans closer to operational feasibility.
Operational planners would thus be required to participate in evaluating alternative

tactical solutions.

Mapped Results from using Penalty Weights on Road Attributes

Given the set of penalty weights in the shortest path algorithm, used to generate
the library of candidate roads (in step 1), it was possible to “fine-tune” road-network
solutions by altering the penalty weights assigned to vertical and horizontal constraints.
For example, Figures 11 and 12 illustrate the effects upon a tactical plan’s road network
of increasing the penalty function assigned to each road-link’s deviation from a slope of

Z€1ro.
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Figure 11: Solution generated using the MST algorithm with increased penalty weight

on slope deviations.
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Figure 12: Solution generated using the SPOH algorithm with increased penalty weight

on slope deviations.
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In Figures 11 and 12 one can observe the effects of penalizing roads with higher
slopes by comparison with un-penalized road-networks, illustrated in Figures 9 and 10.
Through this comparison, one can observe the effect of the penalty to be:

a) increased road-construction at lower elevations; and

b) when road construction occurs at higher elevations, it persists at higher

elevations with fewer dips into areas of lower elevations.

Figures 9 through 12, therefore, illustrate one of the main objectives of this

thesis: to design a decision support framework that more closely integrates tactical

planning with operational planning of road-networks.
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7. Discussion

In the Introduction to this thesis we observed the principle that the optimal
locations of both cut-blocks and roads are interdependent. In addition, we also observed
that the selection of an optimal location for a forest road-network requires a large set of
candidate roads. For example, Stuckelberger et al. (2007), in searching for an optimal
road network to connect a pre-selected set of cut-blocks, generated a large set of
candidate roads. This set was exhaustive because it connected all pairs of candidate cut-
blocks using one road for each pair of cut-blocks. The same exhaustive approach was
practiced in this thesis. In the case study, there were 500 candidate blocks and we
generated 125,250 candidate roads. Earlier work on the integrated harvest-scheduling
and road-building model did not pursue a similarly exhaustive approach to generating
candidate roads. For example, Richards and Gunn (2000) had 1,035 candidate cut-
blocks in their case study and used 135 candidate roads; and Clarke et al. (2000) had 225
cut-blocks in their case study and generated 855 candidate roads. One can conclude
from this that, in this thesis, an advance in optimal road location modeling has been
successfully integrated with a harvest-scheduling model. This advance is the
incorporation of an exhaustive set of candidate roads into the search for an optimal
solution to the harvest-scheduling and road-building model.

Another topic of discussion concerns evaluating our method of generating a

library of candidate roads, using the shortest path roading algorithm--developed by
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Anderson and Nelson (2004). It was chosen as a useful method with which to test our
three-step approach to incorporating operational-level road location within a tactical
planning model. In hindsight, it might have been useful to include excavation costs in
the shortest path roading algorithm (e.g., Tan 2000). I do not hold that Anderson and
Nelson’s (2004) method is the best; for I believe that different forests have different
primary roading challenges. Hence, the best roading algorithm is one which best
addresses the particular set of major roading challenges found in a particular forest. This
reasoning is consistent with our objective in developing a three-step approach to
incorporating operational road planning into tactical modeling:
a) to remain open to the wealth of literature that exists in operational road-
location planning; and
b) to facilitate innovation in tactical planning by drawing from this wealth of
operational level road planning (hitherto, largely ignored in tactical

planning).

Another point of discussion concerns evaluating the different approaches used to
generating road networks in the tactical plans presented in the results; namely:

a) the sequential approach;

b) the SPOH heuristic nested within the tactical model; and

c) the MST heuristic nested within the tactical model.

The sequential approach produced a solution with the highest revenue, highest
road construction costs, and the lowest objective function value. These results confirm
an a priori spatial principle that, when applied to forest planning, is summarized in

Figure 13:
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Figure 13: Conceptual figure on interdependence of optimal block and road locations.

Since the sequential approach selected a harvest-schedule independently of its required
road network, it was not surprising that its overall objective function (as shown in Table
2) was the lowest. The results in Table 2 demonstrate the inferiority of the sequential
approach versus the integrated approach to scheduling forest harvests and road
construction. Similar results were found by earlier researchers who compared the
sequential versus integrated approach to scheduling blocks and roads (e.g., Weintraub
and Navon 1976; Kirby et al. 1986).

A more difficult evaluation involves the comparison of the SPOH and MST
heuristics nested within the integrated tactical planning model. We perform this

comparison using four criteria:

1 execution time;

11. road costs;

1. revenue;

1v. transportation costs; and

V. loss of forest productivity.
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First, the execution time of the SPOH algorithm was 11 times faster than that of
the MST algorithm. In addition to empirical experience, “Big O” notation is used in
computer science to classify the complexity of an algorithm by how it responds in
processing time to changes in input size. The worst case complexity of the MST and
SPOH is the same (Shirasawa 2014):

O +ViogV) [11]

where E = the number of edges in the dataset and V = the number of vertices in
the dataset. In our problem instance, the number of edges equals 124,500 candidate
roads and the number of vertices equals 500 cut-blocks plus one point of entry. One
can therefore conclude from equation [11] that the number of cut-blocks added to a
problem instance has a greater impact on computing time than the number of roads
added to a problem instance.

The question of which algorithm has superior execution time is important
because, in a much larger forest (for example, with 10,000 or more blocks to connect)
the faster execution time of an algorithm would make it a more practical choice for the
generation of multiple alternative solutions required in planning. Based on empirical
experience, we must conclude that the execution time of the SPOH algorithm is much
faster than that of the MST algorithm; this judgment, however, must be qualified by the
fact that it is based on only one data-set and that the worst-case complexities of the two
algorithms are regarded as equal.

Second, road costs of the solution generated using the MST heuristic were 40%
higher than those generated using the SPOH heuristic. The MST heuristic, by definition,

connects all selected cut-blocks and the point of entry of the forest into a minimal cost
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tree. Hence, we were initially surprised that the MST heuristic did not induce the
formation of a more compact solution. When we looked at the progress of the search of
the tactical model using the MST heuristic (Figure 3), we observed that the search
maximized the revenue component of the objective function and made little progress on
reducing road costs. This makes sense because, as Table 2 reveals, the revenue
component of the objective function is, on average, 10 times greater than the cost
component of the objective function. Hence, the MST search focussed on maximizing
the revenue component.

One should also observe that the solutions generated using MST need not
necessarily be dispersed; for example, a penalty weight of 10 applied to the cost
component of the objective function would induce the tactical model using the MST
heuristic to generate more compact solutions. Hence, it would be premature to conclude
that the SPOH heuristic is necessarily superior to the MST heuristic in the generating of
solutions with lower construction costs.

Third, revenue in the solution generated by the MST heuristic was 5.4% higher
than that produced using the SPOH heuristic. Given that a simple upper bound on
allowable harvest-volume constrained both solutions, the extra revenue earned using the
MST heuristic must have arisen from harvesting more valuable, i.e., older, stands.

Fourth, the transportation costs in the solution generated using the MST
heuristic were 229% higher than those incurred by the solution generated using the
SPOH heuristic. On the one hand, as was mentioned above, it is possible to introduce a
penalty function into the tactical planning model’s objective function and thereby
penalize solutions with excessive construction costs generated using the MST heuristic.

Hence, one can indirectly reduce the transportation costs by reducing the road-network.
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On the other hand, the two algorithms have fundamental differences that will ultimately
limit the efficacy of penalty functions thus used to reduce transportation costs. The
fundamental difference is that the MST algorithm is indifferent to location of the forest’s
point of entry whereas the SPOH algorithm is not.

The fifth attribute by which I will compare the MST heuristic versus the SPOH
heuristic is loss of forest productivity. Loss of forest productivity occurs due to sub-
optimal timing of a stand’s harvest. The optimal timing of a stand’s harvest (when
measured in m®) occurs when the mean annual increment of the stand’s volume is
maximized. With the objective of minimizing the loss of forest productivity over the
long-term, older, unproductive stands should be harvested before younger, more
productive stands. The parameters used in the harvest-scheduling model had higher
dollar values per m® assigned to older stands than to younger stands; thus there was
quantifiable bias directing the model to harvest older stands before younger ones. From
Tables 2 and 4, one can observe two interesting trends with regard to minimizing
productivity loss:

1. The revenue was highest in the sequential approach, second highest using the
MST, and lowest using the SPOH. A higher revenue indicates that more
older, unproductive stands were harvested, and therefore a lower loss of long-
term forest productivity.

il. The road-cost required for harvesting was lowest using the SPOH, second
lowest using MST, and highest using the sequential approach.

These trends correspond to a production possibility frontier, developed by Richards and
Gunn (2000), where the trade-off between money spent on road construction versus loss

of forest productivity was quantified. At one end of the curve, minimizing the loss of
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forest productivity requires the highest expenditure of road construction (this
corresponds to the sequential approach); and at the other end of the curve, minimizing
road expenditures entails the highest loss in forest productivity (this corresponds to
results from using the SPOH heuristic).

Having reviewed the five criteria used to compare the results generated by the
MST versus SPOH algorithms, we now conclude that MST is to be preferred as an
algorithm nested within the harvest-scheduling model, for the following reasons:

1. The worst-case complexity of the search algorithms do not differ.

2. The objective function values of the solutions found using the two algorithms do
not differ.

3. The trade-off engaged in by the MST heuristic, between investment in road-
building versus maximizing revenue, was more favourable to long-term
productivity than the trade-off engaged in by the SPOH algorithm. That is, since
the MST algorithm produced a solution with higher revenue and higher road-
building costs than the SPOH algorithm; and since they both yielded solutions
with the same objective function value, one can conclude that the loss of
productivity in the solution generated using MST was lower without any overall
reduction in profit, as measured by the objective function value.

4. The higher transportation cost is of less value than the reduction in lost forest

productivity resulting from solution generated by the MST algorithm.

Another point of discussion concerns evaluating the role of the SPH algorithm
used after the tactical scheduling is completed. Recall that the SPH algorithm repairs the

final solution’s road network by connecting the selected blocks into a Steiner tree. Table
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1 shows that execution of the SPH heuristic decreased the costs of the road networks
generated by the MST and the SPOH heuristics by 12.8% and 46%, respectively.
Clearly, these reductions justify the inclusion of the SPH algorithm in our approach; but
the scale of the improvements to the road network generated using the SPOH algorithm
leads to the question: how was such a large improvement possible?

To answer this question, one must recall that the SPOH heuristic constructs a
tree that consists of shortest paths from the forest’s point of entry to all other terminal
nodes, i.e., scheduled cut-block landings. In other words, it does not design a very
clever road network; i.e., it produces multiple roads leading directly to the forest’s point
of entry instead of multiple roads connected to a main artery stemming from forest’s
point of entry. Hence, it must be borne in mind that our evaluation of the SPOH
heuristic has thus far been based on its resulting solutions after they have been repaired
by the SPH heuristic. As a stand-alone roading heuristic, the SPOH heuristic produces
inferior road networks; but, when repaired by the SPH algorithm, the resulting road
networks have several advantages over those produced using the MST heuristic, as
discussed above.

A final point of discussion concerns evaluating the overall effectiveness of our
three- step approach, aimed at incorporating operationally detailed road location
planning into a tactical modeling. We evaluate the work by three criteria:

1 €Cconomic;

il. practical; and

iil. as a platform for future innovation.
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First, the economic benefits of our approach stem from the nature of hierarchical
planning in forestry. At the tactical level, the locations of cut-blocks are made, along
with estimates of resulting revenues. Road network locations and costs are also made
and estimated at the tactical level. At the operational level, the locations of these cut-
blocks do not change, but there is considerable flexibility allowed in redesigning road
locations in order to minimize construction costs not foreseen at the tactical level. The
traditional reason for this flexibility is that the level of detail required in operational road
location planning is too great for the purposes of tactical planning. For example, two of
the most widely used software tools for forest planning in North America (Patchworks®,
and Woodstock-Stanley®) do not use operational design constraints on the road used in
their tactical models. Nonetheless, it is at the operational scale that the true costs of the
road network required to connect a set of cut-blocks, selected at the tactical level, are
discovered.

Now, given our three-step approach, in which operational detail is incorporated
into tactical planning, the difference between tactical estimates of road locations and
costs, and the realized road locations and costs, should be minimized as much as is
currently possible. Should this minimization occur, then one will be one step closer to
the goal of achieving, on the ground, the simultaneous optimization of both road-
network and cut-block locations. The economic efficiency of such planning should be
obvious; and the disparities in road construction costs, found in our results, further
reveals the economic relevance of our more efficient method of road location planning.

It is our conclusion, therefore, that: a) through the inclusion of greater

operational road location detail, at tactical level of planning, one can move toward the
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realization of more economically efficient forest road construction; and b) my three-step
approach successfully facilitates the inclusion of such detail.

Second, the practicality of our approach has been demonstrated in the results; but
one important question is whether our approach can be implemented on much larger
problem instances, found in the real world?

Let us examine this question at each of the steps in taken in our approach. In
the first step, in which a large library of candidate roads is generated, there is no
computational challenge: a larger library of roads will simply take more time to pre-
process. In the second step, in which the tactical model is run, the execution time
required to produce a solution will be much greater, but not impractical. Meta-heuristic
algorithms have been used to generate tactical plans on large planning problems for
many years. The SPOH roading heuristic would be more practical, on large problems, in
terms of execution time, than the MST roading heuristic.

After the second step is complete, a repair of the road-network is executed using
the SPH algorithm. The SPH algorithm does pose a minor practical problem: for we
found that, since the SPH designs a road network as a Steiner tree, it must select links at
a 50m X 50m scale; and that this requirement tested the memory limits of our available
96 gigabytes of RAM. Hence, the only practical challenge we foresee in using our
approach on larger problems is the requirement of additional RAM.

In evaluating the practicality of this approach, the limitations of the planned road
network should be made clear. As prior researchers on road-network optimization have
observed (e.g., Nelson 2004; Stuckelberger ef al. 2007), automated road design may not

always provide ‘optimal’ road networks. Some modifications to the proposed link



59

pattern and node spacing may be necessary for better results, depending on the road
design specifications. Those results must then be field-verified before implementation.
Third, our three-step approach functions as a framework for future innovation in
tactical planning for several reasons. First, the approach, as was mentioned earlier,
facilitates the inclusion and relevance of the wealth of research, conducted on
operational road location planning, into tactical level planning. Such inclusion will
innovate and improve the practice of tactical level planners. Second, the approach will
lead to innovations in the practice of tactical planning insofar as the role of the
operational planning forester will become more important in evaluating alternative
tactical solutions. The level of road-network detail provided in the tactical solutions
requires the evaluation of an experienced forest road engineer who will, perhaps, come

to play a more prominent role in the tactical planning team.
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8. Conclusions

The purpose of this thesis was to design and evaluate a planning approach by which
greater operational road-location detail can be included in tactical-level modeling. The
approach consisted of three steps:

First, an exhaustive library of roads connecting all pairs of candidate cut-blocks is
generated, using a shortest-path algorithm modified such that the path connecting any
pair of cut-blocks is subject to vertical and horizontal constraints measured at a scale

commonly found in operational level planning.

Second, the costs of these roads are input into a tactical level planning model of the
integrated harvest-scheduling and road-building model. The tactical model thus avoids
the computational burden of designing roads but instead selects a set of pre-designed

roads, based on their costs, in forming a solution.

Third, a map of solution is generated using the highly detailed roads generated in

step 1 and selected in step 2.

The approach was tested on a portion of the Kenogami Forest and the results

demonstrated its feasibility. We conclude that that the approach has the potential:

a. to support more economically efficient decisions on the locations of forest road-

networks and cut-blocks;
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b. to be used on large, real-world data-sets; and
c. to function as a framework for innovation in tactical planning-- where the
modeling innovations in road-location planning, developed in operational

planning, will become relevant to tactical planning.

Future research from this thesis should be directed at quantifying the benefits of this
approach by comparing its results with those from a real-world case study. For example
a dataset representing a planning inventory from a phase 1 plan, that has already
published, can be used to compare sequential planning results versus results produced
using MST and SPOH. In addition, the utility of this modeling approach could be
evaluated using data from a “well-roaded” fores in order to discover potential

improvements in alignments and needed upgrades.
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APPENDIX 1

The Kenogami Forest is located approximately 300 kilometres northeast of
Thunder Bay, in the OMNR Nipigon District. The municipalities of Terrace Bay,

Schreiber, Longlac, Geraldton and Nakina are located within its boundaries.

Kenogami Forest Management Unit™
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